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Meeting length: 1.5 hour

This meeting Is being recorded

All participant lines will be muted
Therewill be a Q&A sessions at the end

If you have a question during the presentation, please type it into the chat box
or press the "raise hand" function

We will log all qguestions and then voice a selection at the end of
the presentation

A recording of this webinar and the PowerPoint slides will be available on the
SCAG website. We will send a link to everyone who has registered@fter the
event



Introduction

Scott Johnson, AICP Andrew (Drew) Kent, PTP

Senior Regional Planner Program Manager of Transportation Data & Service
SCAG

Ventura County Transportation Commission



Session Goals

AAble to answer the question
what 1 s 0Bl g Dat

AUnderstanding of where and
when it makes sense to use Big
Data analytics

AKnowledge of how to obtain
Big Data access and training
from SCAG
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BIG DATA ANALYTICS

Describing Big Data



Big Data Analytics

What exactly I s 0Bi g Datao?

What is Big Data? A meme and a marketing term, for sure,
but also shorthand for advancing trends in technology that
open the door to a new approach to understanding the
world and making decisions. There Is a lot more data, all the
time, growing at 50 percent a year, or more than doubling
every two years, estimates IDC, a technology research firm.

* Lohr, Steve, The age of Big Data, New York Times Feb 11, 2012



Big Data Analytics

What Is Big Data Analytics?

Translating large datasets into
usable information

OBi g data uses mat hem
optimization, inductive statistics, and

concepts from nonlinear system

identification to infer laws (regressions,
nonlinear relationships, and causal effects)
from large sets of data with low information
density to reveal relationships and
dependencies, or to perform predictions of
outcomes and behavior




Big Data Analytics

Unigue Use Cases

China launches national big data platform
for rice industry chain

By Global Times
Published: Apr 02, 2023 10:44 PM Updated: Apr 02, 2023 10:38 PM




Big Data Analytics

Evidence -based Decision Making

Analytics And Data Science | You May Not Need Big Data After All

Analytics And Data Science

You May Not Need Big
Data After All

by Jeanne W. Ross, Cynthia M. Beath, and Anne Quaadgras

Summary. Reprint: RI312F Why do companies have sa fittle t

data? The biggest reason is that they aren't doing @ good job usir

They don't know how to mana; c jon embedded in their

Companies are investing like crazy
in data scientists, data warehouses,
and data analytics software. But
many of them don’t have much to
show for their efforts. It’s possible

they never will.

What's the problem? To begin with,
big data has been hyped so heavily
that companies are expecting it to

. deliver more value than it actually can. In addition, analytics-generated
insights can be easy to replicat financial services company we
studied built a model based on an analysis of big data that identified the
best place to locate an ATM, only to learn that consultants had already
built similar models for several other banks. Moreover, turning insights
from dat lytics into competitive advant requires changes that
businesses may be incapable of making. One retailer, for example,
learned that it could increase profits substantially by extending the time
items were on the floor before and after discounting. But implementing
that change would have required a complete redesign of the supply

chain, which the retailer was reluctant to undertake.

The biggest reason that investments in big data fail to pay off, though, is
that most companies don’t do a good job with the information they

already have. They don’t know how to manage it, analyze it in ways that




Big Data Analytics

Privacy

© Print subscriptions € Signin Searchjobs O, Search US edition

Support the Guardian
Fund ilr:jgendentjournalism with $5 per month The(l L]
Guardian

News Opinion Sport Culture Lifestyle More ~

the datastore:onbig  Smart cities: are you willing to trade

Bigdata privacy for efficiency?

Data science may be helping cities get 'smarter’, but questions
remain over how long urban populations will tolerate an
increasingly invasive level of data collection

Siraj Datoo

Fri 4 Apr 2014 10.07 EDT
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Privacy must play an instrumental role in any smart city strategy otherwise
citizens might fear the introduction of other innovative technology,
according to an executive at one of the world's largest infrastructure
companies.

Wim Elfrink, executive vice president of industry solutions and chief
globalisation officer of Cisco, heads up the company's smart cities team and
warned that if cities did not give citizens the choice of whether or not to
allow the government to use their data, they might opt-out of future
initiatives.



Big Data Analytics

Many Different Platform Providers

INRIX

STREETLIGHT DATA
Big Data for Mobility
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Big Data Analytics

Wh a t are SCAGOs Goal s for

AProvide free access to
transportation
platforms

AFoster data driven decision
making

AProvide support and training to
help answer regional and local
transportation guestions
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CONNECTION TO REAP 2.0 PROGRAM

Bi g Datads Connection to the REAP 2.0 Program



Connectionto REAP 2.0 Program

REAP 2.0 Objectives

Transformative planning and implementation activities which
Implement the regional
Sustainable Communities Strategy (SCS)

REAP 2.0 Objectives

Promote infill _ _ : :
housing Reduce Vehicle Miles Affirmatively Further
development AND Travelled AND Fair Housing




Connectionto REAP 2.0 Program

SCAGOs REAP 2.0 Program Ar eas
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Partnership Commission
Program 2.0 Partnership
Program Pilot: Regional
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Decision-Making Supporting
Tools and Housing (RUSH)
Technical
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Regional Pilot
Initiative Program
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Infill on Public &
Sustainable Private lands

Communities (HIPP)
Program Technical
Assistance




Connectionto REAP 2.0 Program

Program Development

ACoordination with State to meet REAP 2.0 objectives

AConvened discussion group of experts to inform RFP and data
needs

AAwar ded o©6Big Dat at@2036] at f or m con-



StreetLight Insight

StreetLight Insight

{ UNBSuUt AIKUQa LyaA3adKi
users access to anonymized, and aggregated
travel and safety information, sourced from
mobile data and sensors.

A transportationinformationfor vehicle,
truck, transit, rideshare (Uber & Lyft), bike
and pedestrian travel modes,

A trip origin, destinationpurpose, distance,
route, and travel time,

A vehiclespeeds

A transportationsafety and

A linked origin and destination trip
iInformationwith relevant built
environment, demographics and socio
economics information.
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StreetLight Insight

Data Foundation

AConnected vehicle data
Al ocation-based service

Validation

APermanent counters for
AADT, bike, & pedestrian

SCAG plans to
continuously collect
feedback from
users and monitor



StreetLight Insight

Additional Future Feature Integration

Total Mileaq e Potential Severe Crashes Reduced Potential Lives Saved Cost/Benefit Ratio

0.7 0.47 1.9k

- 2
ASafety data with oo E

near-miss information . $3.21k  1.88

KABCO Tior!, KAB # of miles implemented/treated

Tier2

AAdvanced truck data = A 4.5

Albugyerque-~.
140M (187.314000- — Countermeasures Selected
187.514000)

KABCO Tier1, KAB

ACorridor speed analysis [sies

187.114000)
KABCO Tier1, KAB
Tier2

Countermeasure

140M (186.314000-
186.514000)

[ ~ Results Diagnose and Select
KABCO Tierl, KAB niversity querque, Bernalillo County, NM,...  Powered by Es
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USE CASE EXAMPLES

Project examples using StreetLight Insight data



Use Case Examples

Safety o Evaluating Bike/Ped Ridership and Crash Data

Bicycle Crash 2015-2019
@ Fatal injury
Serious Injury
= Existing Bike Facilities

Percentage of Total Bicycle Trips
Timeline April-September 2019 & 2020

0%
<1%
2%
<3%
4%

Pedestrian Crash 2015-2019

@ Fatalinjury f—— | S A TP R : i [T
Serious Injury ' v { . Saet \ ,

Percentage of Total Pedestrian Trips
Timeline April-September 2019 & 2020
<0%
1%
<2%
3%
4%

Relative pedestrian activity combined with pedestrian crash data for Pittsburgh.




Use Case Examples

Congestion Analysis 0 Building the Case for Transit
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Insights from the analysis led planners to study transit options connecting
top origins and destinations.




Use Case Examples

Transportation Demand Management - Trip Reduction Potential

- W
Link Flow Top O-D Trips Trips Trips
Description (000) Pair | <5mi | <2mi | <imi I I
& Direction (%) (%) (%) (%)

| N 0 rt h e r n Vi rg i n i a * In a high-demand area, planners

Westfields Blvd) 60.3
SB

‘ needed alternatives to roadway
1-66 (US-29 to N A
VA120) W8 i ) : ; : expansion.

StreetLight scanned hundreds
of congested segments to

quickly identify those with the
VA-123 (George

Wash. Plany to : g ! . ! most short trips.
Chain Bridge)

US-50 (VA-286 to

I-66) EB 5

Modeled bicycle, pedestrian,
(v mgellow Rd y 5 ! ! ' and transit options showed
10 VA286) EB potential to remove 4+ million
US-50 (vA-28 t0 vehicle trips per year.

Lees Corner Rd)
£B

SR e I P I Northern Virginia needed to prioritize

to VA-286) WB

projects with*the most congestionrelief

1-66 (t-495 to
VA-T) WB

per dollar. StreetLight’s metrics drove

US-50 (VA-609
to VA-28) WB

critical modeling reésults.

VAT (VA-123
to 1-495) EB

Congested segments ranked to identify the links that would be
impacted most by transit options. The orange shading indicates
factors that make that link a good candidate for a multimodal
project.



Use Case Examples

Planning 0 Active Transportation

Legend
Trip Index

High Volume of Trips
Higher Volume of Trips

== Top 40 Trip Pairs
MPO Boundaries

MANATEE

SARASOTA

Legend

Vision Network
Existing Trail
Existing Low Speed Street

T. Mabry

Existing Low Speed Bike Lane
Existing High Speed Bike Lane
Proposed Trail
Gap
Road Network

MPO Boundaries

[ wawee
SARASOTA

Granular analysis of 0-D pair volume by season, day, hour, and income level The final Active Transportation Plan vision network prioritizes bike routes that
revealed the top 40 overall. exist today and smaller gaps that can be filled to improve route directness.




Use Case Examples

Economic Impact 0 Active Transportation

Trail Visitor Data Visualization




Use Case Examples

Evaluating Ride -hailing

0-5% 5%-10% @ 10%-15% @ 15%-20%

@ More than 20% of traffic are ride-share vehicles

Along D Street in Boston’s Seaport, up to one out of five trips made from 2 - 3
p.m. are made by ride-hailing cars.




Use Case Examples

Transit Planning 0 Revamping Legacy Routes

Distribution of Windsor’s morning peak trip origins. Distribution of morning peak trip destinations.




Use Case Examples

Transport to Regional Amenities o Who is Accessing and When

CLEARY LAKE
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Analyses show disrupted park visitation patterns after COVID lockdowns, validating StreetLight counts against known visitor variation.




Use Case Examples

COVID Impacts 0 SCAG Using StreetLight Data

How Did of Residents in the in Southern California?

2023 Transportation Research Board Poster Session #3198 - Census Data Fusion: Using Data to Understand Equity and Travel Behavior Disruptions
Tom Vo (vo@scag.ca.gov), Jonah Pellecchia, John Cho, Kevin Kane, Jung Seo, Frank Wen, and Hsi-Hwa Hu
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Change in Origin Census Tract

Census Tracts Categorized by
Traffic Volume from 2019 to 2020

Household Income Trajectory
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Use Case Examples
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Ventura County Transportation Commission

e ot &

| Beat 2 (101-2)
| Camarillo Springs Rd to Rice Ave
9.2 miles

Beat 1 (101-1) 20y
~« VC Line to Camarillo Springs Rd ¢ * = &
10.5 miles g E o

Freeway Service Patrol Beats
Operating Hours: 6-9AM & 3-7PM
Two Trucks per Beat



Los Padres
National Forest

Dick Smith Wilderness
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Use Case Examples

FSP Assists

FSP Assists - Time of Day

Time 4:00- 5:00- 6:00- 7:00- 800- 9:00- 12:00 1:00- 2:00- 3:00- 4:00- 5:00- 6:00- 7:00- 11:00-
of Day 5:00 600 7:00 800 9:00 10:00 PM- 2:00 3:00 4:00 500 600 7:00 8:00 12:00
AM AM AM AM AM AM 1:00 PM PM PM PM PM PM PM AM

PM




Use Case Examples

FRWY VMT Profile

Ventura County FRWY Weekday VMT Profile*
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Use Case Examples

FRWY Delay Profile

Ventura County FRWY Weekday Delay Profile*

<&

O S o S ,\9’5\\ &@ '\’}Q(\\ ,\?@ o A o o S S

ARSI
. . P P ’ P ’ ’ ’ , ’ ’ . ’ ’ ’ N N N
SRR S SR O S SR N NN A S R I i R SO S NN

N A G e N I S R S & o

2019 =—2023 CVD




Use Case Examples

Freeway Service Patrol

RN FSP Beat 4 (101-3) 4
™ Rice Ave. to California St. f
B 10.1 Miles et

FREEWAY SERVICE PATROL
VCTC




Use Case Examples

Roadway Weekday Delay

US101 Ventura/Oxnard Weekday Delay (Sampled Points)
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Use Case Examples

Roadway Weekend Delay

US101 Ventura/oxnard Weekend Delay (Sampled Points)

Ay Last Week of July —=s—\/C Fair




Use Case Examples

Transit Line Evaluation




